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Evaluation

Speaker Recognition:

 Pretrained ECAPA-TDNN from Nemo Toolkit

» Feature vectors are compared using euclidean distance
- Evaluate level of anonymity by Equal Error Rate (EER)

Anonymization:

- [dentity concealment in different contexts.
» Data collection
- Re-identification through speech pathologies

E-Health:

- Remote treatment scenario for speech pathologies

» Acessbility

Stuttering Classification: Details see:

- KSF-C Challenge Task (8 class classification task)
 Fine-tuned wave2vec 2.0-based classification system

* Finetuning and evaluating on original and anonymized
data
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Need for evaluation and
more inclusive models!

Equal Error Rate (EER) and Unweighted
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- Speech Recognition with Whisper medium model
- Synthesis with FastPitch and HiFi-GAN from Nemo Toolkit
* Fine-tuning on HUI-Database (model aviable)

Dysfluency prediction on Data
anonymized with StarGAN FO Delta

Dysfluency prediction finetuned and tested
on Data anonymized with StarGAN F0 Delta
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Conclusions

Re-synthesis:

» Grants high anonymity
» Difficult to convey inormation about the speech disorder
- Most modifications and prolongations are masked

* Phoneme based recognition and synthesis could lead to
W Improvement
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